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- Extra information (looking direction)
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Iterative optimization, alternating - Uses DSC to initialize training —
- Given {X; |y; = j} and {x; } DPM detector for upper bodies 0.l 0.9l
bl =J) and Dataset  fclassesteatures#points kmeans LSVM DSC (ours) -Dataset: posiive examples fom -
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Suppose Cluster 1 has many more members than Cluster 2 Letter 26 16 20000 33.35%0.48 40.27 £ 0.88 44.38 +0.74 —DSC (4), ap: 73.73 DSC (4), ap: 73.73
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= Cluster 1 has a much smaller margin o _— Amazon Reviews 50 10000 1500 24.93 £0.32 24.89 £ 0.41 25.08 £0.38 and heads Calvin: DPM with 1 component for near-frontal upper bodies
= —— << —— = ||lwi|]| > ||wa]| = wixT > w,X = Cluster 1 will get bigger b : ; i NoSplit: DPM with 1 component, i.e., no sub-categorization
Twall Twall H ” H H 1 2 Results within one standard error of the maximum value are printed in bold LeftRight: DPM with 2 components, left and right facing

= The big gets bigger DSC: DPM with 4 components, initialized with DSC
K-means: DPM with 4 components, initialized with k-means on HOGs




